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Abstract

This research presents the development of an Automatic License Plate Recognition (ALPR) system
for Thai license plates using YOLOvV8 model for license plate detection and Tesseract OCR for character
recognition. The developed system consists of five main components: data preparation, image pre-
processing, license plate detection, character recognition and user interface and software development.
The system was tested using a dataset of 791 Thai license plate images. The experimental findings
indicated a license plate detection accuracy of 92%, accompanied by character recognition accuracies of
80% for white-background plates and 50% for graphic-background plates. The system can be applied in
traffic management, automated parking systems, and security systems. However, the system's
performance is dependent on environmental factors such as lighting conditions, camera angles, and

license plate conditions.
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(Literature Review)
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(Image Processing and Object detection
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